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Abstract- Automatic defects detection in CT images is very important in many diagnostic and
therapeutic applications. Because of high quantity data in CT images and blurred boundaries, tumor
segmentation and classification is very hard. This work has introduced one automatic lung cancer
detection method to increase the accuracy and yield and decrease the diagnosis time. The goal is
classifying the tissues to three classes of normal, benign and malignant. In MR images, the amount of
data is too much for manual interpretation and analysis. During past few years, lung cancer detection
in CT has become an emergent research area in the field of medical imaging system. Accurate
detection of size and location of lung cancer plays a vital role in the diagnosis of lung cancer. The
diagnosis method consists of four stages, pre-processing of CT images, feature, extraction, and
classification, the features are extracted based on DTCWT and PNN. In the last stage, PNN employed
to classify the Normal and abnormal
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INTRODUCTION

Cancer is a group of diseases characterized by the uncontrolled growth and spread of abnormal cells. If the
spread is not controlled, it can result in death. Lung cancer was the most common cancer in worldwide,
contributing 2,093,876 of the total number of new cases diagnosed in 2018. The incidence rate has been
declining since the mid- 1980s in men, but only since the mid-2000s in women, because of gender
differences in historical patterns of smoking uptake and cessation. From 2005 to 2015, lung cancer
incidence rates decreased by 2.5 per year in men and 1.2per year in women. Symptoms do not usually occur
until the cancer is advanced, and may include persistent cough, sputum streaked with blood, chest pain,
voice change, worsening shortness of breath, and recurrent pneumonia or bronchitis. Cigarette smoking is
by far the most important risk factor for lung cancer; 80 of lung cancer deaths in the US are still caused by
smoking. Risk increases with both quantity and duration of smoking. Cigar and pipe smoking also increase
risk. Exposure to radon gas released from soil and building materials is thought to be the second-leading
cause of lung cancer in the US. Other risk factors include occupational or environmental exposure to
second-hand smoke, asbestos (particularly among smokers), certain metals (chromium, cadmium, and
arsenic), some organic chemicals, radiation, air pollution, and diesel exhaust. Some specific occupational
exposures that increase risk include rubber manufacturing, paving, roofing, painting, and chimney
sweeping. Risk is also probably increased among people with a history of tuberculosis. Genetic
susceptibility (e.g., family history) plays a role in the development of lung cancer, especially in those who
develop the disease at a young age. We can cure lung cancer, only if you identifying the yearly stage. So
here, we use machine learning algorithms to detect the lung cancer. This can be made faster and more
accurate. In this study we propose machine learning strategies to improve cancer characterization. Inspired
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by learning from CNN approaches, we propose new algorithm, proportion PNN, to characterize cancer
types.[1]

PURPOSE

Machine learning based lung cancer prediction models have been proposed to assist clinicians in managing
incidental or screen detected indeterminate pulmonary nodules. Such systems may be able to reduce
variability in nodule classification, improve decision making and ultimately reduce the number of benign
nodules that are needlessly followed or workedup

EXISTING SYSTEM

Lung cancer detection algorithm is proposed using mathematical morphological operations for segmentation
of the lung region of interest, from which Haralick features are extracted and used for classification of
cancer by artificial neural networks.

Existing System Drawbacks:

1. Restricted Dataset:

2. Explanation Fluctuation:

3. Class Irregularity:

4, Interpretability:

5. Speculation to Different Cases:

6. Computational Assets:

LITERATURE SURVEY

1. The system can also predict the probability of lung cancer. In every stage of classification image
enhancement. [2]

2. This review will provide insight into the current discussion of the effectiveness of lung cancer
screening and assesses the potential of state-of-the-art computer- aided design developments. [3]

3. In this paper, we propose a non-invasive detection method of lung cancer combined with a sort of

virtual SAW gas sensors array and imaging recognition method [4]

SYSTEM ARCHITECTURE

Our intelligent system that allows our user to identify the Lungs diseases in a easy manner, by CNN
technology User will firstly create account in our system and login to the system. We are using Qt5, T-kinter
library for GUI. OpenCV, sci-kit learn python Library are also use for more accuracy User will take upload
the image and then it is send to system for processing , system will perform CNN on that image ,after the
process user able to get the diseases prediction and system will suggest the treatment over it.
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Fig -4.1: System Architecture Diagram

ADVANTAGES
Following are some more advantages:
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o Avoid time consuming work.

. Able to detect the lung diseases and predict the treatment for it

o System will have low processing time as compare to existing system

o Easy to use.

APPLICATION:

The framework can be used in following areas:

J In Research and development for enhancing the existing results.
. In Healthcare industry for prediction of lung cancer
METHODOLOGY

Algorithm - CNN

Convolutional Brain Organizations (CNNs) are a class of profound learning calculations that are broadly
utilized for picture investigation and acknowledgment undertakings. CNNs are especially powerful for
errands like picture arrangement, object recognition, and picture division.

With regards to a lung expectation project, CNNs can be used to examine lung pictures, for example, X-
beams or CT sweeps, and make expectations about the presence of specific circumstances or sicknesses.
Here is a general framework of how you can involve CNNs for a lung expectation project:

1. Information Assortment: Accumulate a huge dataset of lung pictures with relating marks. The marks
could show the presence or nonattendance of a particular condition, or much more unambiguous data like
the sort or seriousness of the condition.

2. Information Preprocessing: Set up the dataset by preprocessing the lung pictures. This might include
resizing the pictures, normalizing pixel esteems, and enlarging the dataset by applying changes like
revolution, scaling, or flipping.

3. Model Engineering: Plan the design of the CNN model. A run of the mill CNN design comprises of
different convolutional layers, trailed by pooling layers for downsampling, and completely associated layers
for characterization. You can likewise consolidate procedures like dropout or group standardization to work
on the model's exhibition and speculation.

4. Training: Split your dataset into preparing and approval sets. Feed the preparation pictures through the
CNN model and change the model's loads utilizing enhancement calculations (e.g., stochastic slope plunge)
to limit the contrast among anticipated and real names. Screen the model's presentation on the approval set
and emphasize on the model design or hyperparameters on a case by case basis.

5. Evaluation: When the model is prepared, assess its exhibition on a different test set. Measure
measurements like exactness, accuracy, review, and F1-score to evaluate the model's capacity to precisely
make forecasts.

6. Prediction: Utilize the prepared model to foresee the presence of lung conditions on new, inconspicuous
lung pictures. Feed the new pictures into the prepared CNN model, and it will create forecasts in view of the
learned examples and highlights.

Libraries

1. scikit-learn:

scikit-learn is a well known Al library that gives a great many instruments and calculations for different
undertakings, including order, relapse, bunching, and dimensionality decrease. This is the way you can
utilize scikit-learn in a lung expectation project:

Information Preprocessing: scikit-learn gives preprocessing modules to deal with normal information
preprocessing errands, like scaling, standardization, taking care of missing qualities, and element choice.
You can utilize these modules to preprocess your lung picture information prior to taking care of it into a
CNN model.
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Model Preparation and Assessment: scikit-learn offers a direct connection point to prepare and assess Al
models. Despite the fact that CNN models are normally executed utilizing profound learning structures like
TensorFlow, you can in any case utilize scikit-learn for errands, for example, parting your dataset into
preparing and test sets, cross-approval, and working out assessment measurements like exactness, accuracy,
review, and F1-score.

2. TensorFlow:

TensorFlow is a strong open-source library for building and preparing profound learning models. It offers an
exhaustive arrangement of instruments and functionalities explicitly intended for brain organizations. This is
the way you can utilize TensorFlow in a lung forecast project:

Model Design: TensorFlow permits you to characterize and carry out the engineering of CNN models
without any problem. You can use its undeniable level APIs, for example, Keras, which give an easy to
understand point of interaction to fabricate and prepare profound learning models. With TensorFlow, you
can make the convolutional layers, pooling layers, and completely associated layers that comprise your
CNN design.

Model Preparation: TensorFlow gives different improvement calculations, as stochastic slope plunge
(SGD), as well as programmed separation capacities to prepare your CNN model. You can characterize the
misfortune capability, select a suitable enhancer, and train the model by taking care of your preprocessed
lung picture information to the organization.

GPU Speed increase: TensorFlow is streamlined to exploit GPUs (Illustrations Handling Units), which can
essentially accelerate the preparation interaction for profound learning models. By using TensorFlow's GPU
support, you can prepare your CNN model quicker, especially while managing bigger datasets or more
perplexing designs.

Organization: TensorFlow offers apparatuses and functionalities for sending prepared models underway
conditions. You can save and commaodity your prepared CNN model utilizing TensorFlow's SavedModel
design, which can be subsequently utilized for making expectations on new lung pictures or incorporating
the model into different applications or frameworks.

RESULT
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CONCLUSION

Proposed system is overcoming the drawbacks of existing system, and we are providing a smart system to
reduce the work of physician and to provide quick results of diseases. It will allow user to get suggestion of
treatments depending upon the diseases. With the CNN our system is more user friendly and giving more
accurate result than existing system.
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